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Abstract
Artificial Intelligence (AI) is revolutionizing the way content is pro-
duced and integrated into journalistic workflows. The EU AI act’s
Article 50 sets up transparency requirements aimed at encouraging
the adoption and disclosure of AI in an ethical and responsible
manner. In this study, we organized focus group interviews with
Dutch citizens (N=21) to understand their expectations and needs
regarding AI disclosures in the context of news production and
journalism. These conversations are essential to understand if legal
and regulatory policies are grounded in real-world experiences of
citizens, and adequately address their concerns and enhance their
digital interactions. We found that citizens predominantly favor
disclosures of AI usage in journalistic content, in the form of (1)
source references, (2) visual indicators (logos/watermarks) and (3)
have varying preferences regarding information presentation and
interaction modalities. Our findings highlight the need for inter-
disciplinary approaches to align standardization efforts with AI
disclosures for news media.

CCS Concepts
• Human-centered computing→ Human computer interac-
tion (HCI).
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1 Introduction
The global technological revolution accelerated by Artificial Intel-
ligence (AI) needs the pillar of citizen trust to safeguard against
the consumption and spread of fake media. The World Economic
Forum’s 2024 Global Risks Report [1] ranked “misinformation and
disinformation" as the highest global risk expected over these up-
coming years. The European Union AI Act aims to create the con-
ditions for responsible AI adoption through a risk-based regulatory
approach [26]. Article 50 of the AI Act formulates a general com-
mitment towards transparency about the use of AI in producing
content, and stipulates under what conditions users need to be
informed when media organizations use AI to produce audio, video,
and under certain circumstances, also text. That being said, the
AI Act fails to provide concrete guidance on how users should be
informed and the types of disclosures that are conducive to the
regulatory goal[13, 30], also considering the increasingly pervasive
rise of the secretive use of large language models [44]. Disclosure
guidelines are constantly evolving, with different flavors of visuals
such as stars or sparkles icons that represent AI related features
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[24], taxonomies such as ‘Made with AI’ [4] and ‘Altered or Syn-
thetic content’[17], and interactions, based on the organizations
approach towards transparency. While they represent essential
steps towards transparency, the lack of standardization will lead
to a spur of different types of notifications and labels, similar to
cookie consent banners on websites, that may end up confusing
the user more [19, 27]. In addition, previous research demonstrated
that users might find the use of AI to generate news without be-
ing transparent as misleading [15, 36]. Likewise, individuals seek
the ability to filter based on the source, distinguishing between
AI-generated and human journalist produced content [36].

Therefore it is essential to design AI disclosures in a way that
provides meaningful information to users for their interaction with
AI-generated content. We therefore ask: What are Dutch Citizens’
information disclosure and transparency needs for AI-generated
content in news media? To answer this, we conducted three focus
group sessions with citizens (N = 21) of The Netherlands regarding
their perspectives on the use of AI and its disclosure, specifically in
the context of news media.

We found that: (1) participants want to be informed that they are
consuming content generated by AI. (2) Participants want source
references for the AI-generated text in the news article, so that
they can verify its credibility. (3) Participants advocate for atten-
tion capturing disclosures such as using contrasting colors/sizes or
pop-up windows. Lastly, participants indicate varying preferences
in terms of disclosure types (text/icons/watermarks), placement
(above/below articles), level of AI use (fully/ partially generated)
and modality (text/audio/visual) for the disclosure, highlighting
the need for disclosure personalization. These findings emphasize
the need for interdisciplinary research to establish equilibrium be-
tween standardization and adaptability of AI disclosures within
news media.

2 Related Work
2.1 Disclosure practices and strategies
Whenwe assess trust towards the use of AI in journalism, audiences
tend to avoid sharing news with headlines labeled as AI-generated
[2], similarly Toff and Simon showed that news generated with the
help of AI is perceived as less trustworthy, although this effect is
counteracted when a list of sources used to generate the article
is provided to the users [39]. Interestingly, we also see that jour-
nalistic content labeled as AI is perceived more trustworthy since
AI is perceived to lack human biases and is hence more credible
[21]. Evidently, these findings are yet inconclusive and need to be
carefully assessed to unravel the complexity of using AI in news
media.

Important contextual details regarding the origin of an artifact
need to be provided to its users as an indicator of reliability [38]. To
that end, certification labels are considered a robust method which
is field tested in other domains such as the food and agriculture
sector [18, 43], to communicate essential information to users using
simple language, color codes and icons. However, extrapolation
of this method to AI systems can foster ‘Blind-trust’ if correct
performance indicators of the system are not implemented in the
label [37]. Epstein et al. [14] highlight that terminology primarily
depends on the goal of labeling the content. If the objective is

to inform the user then terms such as ‘AI Generated’, ‘Artificial’
provide the best results. If it is to alert users about the content
then terms such as ‘Not real’ and ‘Manipulated’ provide the most
successful results. Interestingly, Chinese participants in this same
study reported different interpretations of the term ‘Artificial’. So
it is imperative to ensure that the terminology used for labeling is
consistent in interpretation within different cultural and language
demographics [42]. The study by Epstein et al. [14] also revealed
that the ‘Implied Authenticity’ effect might occur when labeling
AI-generated content (cf., [35]), leading to any content that is not
labeled to be considered as more authentic and not coming from
AI.

To counter the proliferation of misinformation and distrust,
Wittenberg et al. [42] put forward a framework for labeling AI-
generated media based on a process based versus harm based
transparency approach. Subsequent research using this framework
showed that content creators were open to adopting such tools to
share their creative processes using AI to their audiences [6]. Gils
at al. [16] provide guidelines for designing labeling solutions for
AI-generated content specifically in light of the EU AI Acts trans-
parency provisions. They suggest designing disclosures that are
accessible to a diverse audience, particularly considering individu-
als with disabilities. They encourage to use a layered approach to
reveal the information to users, which helps avoid information over-
load (cf., [13]), while leveraging interactive elements to enhance
the clarity of disclosure.

2.2 AI ’in’ & ’for’ News
AI’s role in news content production has accelerated, owing to the
boost in productivity and efficiency [32]. Journalists in newsrooms
most commonly use AI for translations and information gather-
ing [10, 33]. While this adoption is encouraged by technologically
driven audiences, trust primarily drives the relationship that audi-
ences have towards AI-generated content, for journalists and news
outlets that use AI [31]. Stakeholders of the media industry advo-
cate for responsibly developed ethical guidelines and its effective
implementation. Additionally, appropriate training to personnel,
curation of AI tools through reliable auditing and testing processes
are necessary strategies to ensure responsible AI use [12]. A recent
survey by Reuters found that majority of the public in six countries
want some kind of disclosure practice to be adopted for AI use
within new content production [15]. This is in strong contrast to
the EU AI Act’s provision (Article 50, para 5), that exempts news
organizations from AI disclosure obligations after editorial review.
Moreover current strategies to battle misinformation such as fact-
checking, media literacy tips and news coverage of misinformation
lead to increased skepticism towards all information online [20].
These sentiments underscore the dynamic trends of the technology,
where the focus of the media industry should be to maintain and
grow its relationship with audiences through open and trust-based
communication. The first step of which is to understand what in-
formation the audience needs in this rapidly evolving landscape of
AI integration within news content production.
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3 Methods
3.1 Focus groups: approach and objectives
We conducted three focus group interviews in June 2024 to un-
derstand the information needs of Dutch citizens (N=21) and their
views on transparency requirements for AI-generated content in
the context of the media sector. We used the qualitative research
approach of group interviews to create a setting to generate and
discuss ideas using semi-structured questions to guide the discus-
sion. Since focus groups are ideal for cases that require collecting
diverse audience perspectives on a specific area of interest [34]. The
interviews were structured into five parts where participant were
provided the opportunity to deliberate regarding (1) concerns about
using AI in news media, (2) characteristics of the information that
needs to accompany AI-generated news, (3) behavioral traits shown
when exposed to AI-generated content, (4) expectations towards
AI-generated media compared to human generated media and, (5)
Authenticity of AI-generated content. However, the sessions were
not limited to these parts and were allowed to flow organically
into other relevant and related topics. The predetermined inter-
view guide is provided in supplementary material A. The focus
groups were held on a university campus in Amsterdam. The group
interviews were recorded, transcribed and translated from Dutch
into English using a translation tool (DeepL 1) after which a Dutch
native speaker reviewed all the transcripts for accuracy.

3.2 Stimuli
To introduce parts 2-5 of the interviews, we created stimuli to
contextualize possible scenarios of where and how the participants
might engage with AI-generated news stories in the future. This
was created by sourcing AI-generated images and text online from
websites that were flagged as ‘AI-generated news’ by Newsguard 2

on topics of politics, sports and art. These topics were selected
to take into account any domain specific news perceptions. Two
types of news stimuli were created, (1) AI-generated headline along
with AI-generated image and (2) AI-generated headline along with
AI-generated text, since they are most commonly used formats to
present short news stories online. We provided the participants
with one stimulus of each type for each category of news topics,
giving them a total of six AI-generated news stories. Photo editing
software ‘Photoshop’ was utilized to match visual characteristics
such as the placement of the headlines, images, text font size and
social media icons to those found on news stories from legitimate
websites, thereby ensuring realism to the content. Two stimuli, one
on politics and one on sports, which were created and used in the
sessions, are shown in Figure 1. All the stimuli used in during the
group interviews are attached as supplementary material B.

3.3 Study procedure
The sessions began with an exercise where participants were asked
by the interviewer to write down three concerns they had with re-
spect to AI-generated content on a post-it note. Theywere prompted
to share their concerns with the rest of the group and briefly elabo-
rate on their views. Afterward, they proceeded to rank the post-its
1https://www.deepl.com/en/translator
2https://www.newsguardtech.com/special-reports/newsbots-ai-generated-news-
websites-proliferating/

as a group until they reached a consensus on the order from most to
least concerning. This exercise lasted for approximately 15 minutes
after which the interviewer introduced the plenary discussion sec-
tion along with the AI-generated news stimuli. Each session lasted
for approximately 60 minutes. Throughout the discussion, the inter-
viewer would intervene with relevant questions from the interview
guide or clarifications to steer the discussion when required. The
study protocol was approved by the University of Amsterdam’s
ethics review board.

3.3.1 Participants. 21 participants were recruited through a polling
company and split into three groups of seven participants ensuring
diversity of age, gender and education level in each of the focus
groups. Knowledge about AI systems or exposure to AI-generated
content was not a prerequisite for recruitment, since we wanted to
capture the everyday citizens opinions about the topic. All partici-
pants were citizens of The Netherlands and were proficient in the
Dutch language, in which the interviews were held. Seven were in
the 23-26 age group, seven were in the 32-46 age group, seven were
in the 51-63 age group. Dutch citizens have minimal trust in Au-
tomatic Decision-Making (ADM) systems to determine accurately
the news one sees [9]. Additionally, previous work by Piasecki
et al [36] showed that dutch citizens are open to using tools that
aid in navigating news consumption. For these reasons, the Dutch
population was selected for this study.

3.4 Analysis
We adopted a group based thematic analysis to identify relevant
themes from the three focus groups [5]. The analysis was conducted
by four coders (first four authors). First, the coders immersed them-
selves in the transcriptions and created four separate personal code-
books using open coding [3]. Using these as references, the coders
then compiled a consensus codebook through deliberation, which
would be used for the coding process. The consensus codebook
consisted of nine main codes and 34 sub-codes, the full codebook
has been provided in supplementary material C. Multiple coding
sessions were held where the coders sat together and performed
line-by-line analysis, discussing and assigning appropriate codes
to every statement in the three focus group interview transcripts
using the software NVivo. Codes were assigned through a "ne-
gotiated agreement" process, in which all coders discussed and
deliberated on each assigned code and theme to ensure validity and
inter-coder reliability [8]. Quotes used in this study are linked to
participants by indicating which group (G1/G2/G3) they belonged
to, followed by the specific participant number (P1-P7). Group and
participant numbers are specified to illustrate the recurring themes
and similarities in discussions across the different group sessions.

4 Findings
4.1 General information needs
Participants emphasized their need for clear labeling of AI-generated
content, and their desire to know where the AI is gathering infor-
mation from, for instance [G2-P6] mentioned "I would think it is
necessary that it (source of information) is actually there because
then you just indeed know where it (news article) comes from." and
[G3-P5] suggests "But what if it (AI) just put down a source? If it
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Terwijl Oekraïne strijdt tegen Rusland, brengen onthullingen over luxe jachten en grootschalige corruptie het vertrouwen 
in de nationale leiding aan het wankelen.

Zelensky’s Luxe Leven en Misbruik van Amerikaanse Hulp Ontketenen 
Wereldwijde Controverse terwijl Jachtschandaal Oekraïne Opschrikt

(a) Political news article with AI-generated image and headline

Volleybal is een van de meest populaire sporten ter 
wereld, en dat is niet voor niets. Het is snel, vergt 
veel vaardigheid en is over het algemeen een 
opwindende sport om zowel te spelen als te kijken. 
Zelfs mensen die normaal gesproken geen sport 
kijken, kunnen gemakkelijk de intensiteit en 
vaardigheid begrijpen die nodig zijn om volleybal te 
spelen wanneer ze clips zien. Er is een reden 
waarom het tot op de dag van vandaag zo'n 
belangrijke plaats inneemt in de moderne sporten. 
Volleybal kan echter een beetje lastig zijn om mee te 
beginnen, vooral zonder een daadwerkelijke bal om 
mee te oefenen. Het vinden van een goede volleybal 
kan echter lastig zijn.

Speel Als Een Professional Met De 
Beste Full-size Volleyballen

(b) Sport news article with AI-generated text and headline

Figure 1: AI-generated news articles created as stimuli for the Focus group sessions

was indicated that it was generated with AI, based on this article,
these posts, and then it’s kind of a summary of five or six posts.".
Participants also noted that sources are important to establish the
relevance of the news article, "Maybe also where they get it (news)
from then. Of course, it could be a combination of articles, but whether
something is really news, or whether it is rewritten old news."[G1-P1].
Participants showed basic (non-technical) understanding of how
AI works with data and various sources, for instance [G1-P2] tries
to breakdown the complexity of source references stating that "AI...
that kind of text that’s just, that could also sometimes be probably
1000 sources. That AI just picks words from articles that could just be
1000 articles. So you can never really cite the source. You can never
have a source reference because so many sources. That’s where I think
if you really want to know if it’s right, based on facts or if it’s based on
AI.". There was consensus in the three groups that human oversight
over AI systems is paramount to ensure accountability for news,
"That AI is controlled by a person. Not 100 percent of generative AI
but a person should control for news."[G3-P7]. This control should be
augmented with review procedures that should take place for the
AI-generated output, "..you always have to do some kind of check and
not just blindly throwing in a source. And think here: publish, enter,
done."[G1-P5]. Participants referred to (independent) ’institutions’
that should be responsible for providing a ’seal of approval’ for the
AI system to be used for generating content that can be used for the
media sector. For instance, a participant remarked that "Of course,
it also has to be a, a recognized logo, you just see that in the normal
world as well that there are a lot of, even fake logos in circulation
and people are being misled anyway. And it has to be something,
something official."[G1-P6]. This discussion led to the need for the
establishment of standards and guidelines to maintain the credibil-
ity of the news content being generated, [G1-P3] expressed that
"there is a kind of code of conduct for journalism, so then that should
also be part of that, it’s just the same rules for everyone and, if you
use AI in journalism, you’re just bound by certain rules, that you then
know, it may have been generated with AI but I know that certain
rules are behind it.".

4.2 Practical requirements for disclosure
Some participants expressed that the disclosure should take the
form of an icon, for instance [G2-P6] mentioned "As long as it is men-
tioned somewhere and that can be through an icon, that can be through
text, but plain and simple, it is clear that it is indeed AI-generated".
Other participants showed preference towards watermarks, for ex-
ample [G3-P3] remarks that "For me then, the preference would be
for a watermark which is not removable, and also indeed, at the time
you print it out still visible." and other participants expressed that
watermarks would indeed work better for specific cases such as
AI-generated movies and images, [G2-P2] remarked "Suppose you
say every AI movie for example must have a watermark, so you know
it’s AI-generated. Who is going to regulate that? A beautiful image
of nature, landscape...and someone thinks, yeah, I’m not going to tell
you that’s AI-generated". Interestingly, in contrast to this sentiment
participants also noted that visual indicators are ineffective for
users who want to seek more information regarding the AI system
that was used to generate the content, "If you do know to what
extent AI has been used then you do actually need to mention more
than just an icon."[G2-P7]. Participants discussed different ways to
make the disclosure stand out to inform the users, [G1-P5] suggests
using contrasting colors, "So really something contrasting in terms
of color, that it stands out and doesn’t fall away in an image..". Some
participants indicated that the disclosure should be in the form of a
pop-up, "I would maybe just as with if you have to accept cookies for
a website, that you also just get a notification or some sort of Pop-up
of: This was written by AI."[G3-P2]. Others had specific preferences
for the placement of the disclosure, [G3-P5] noted that "If it’s above
the pictures, that still draws attention faster than between a patch of
text. If you put it like that here for example and then it stands out
even less than maybe at the bottom".

Similar to these aesthetic preferences, participants also com-
mented on the differences in news topics and use cases which
would require disclosure obligations. With respect to news top-
ics, participants generally agreed that AI should not be used for
political news, while it was considered favorable for data driven
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news for shopping or sports. [G1-P7] commented that "Say, one
of those volleyball articles, yeah, that’s a bit informative about how
popular the sport is. Then I would think, I might believe AI. Because
it probably has all the data on that over the past few years. But with
something like that with Zelensky which is so timely and still so ac-
tively in the news every day, I would assume that less." and [G1-P5]
emphasized "Because it can spread a lot of misinformation, which in
turn can be dangerous if you’re talking about, say, Zelensky. With
volleyballs, I think it might be less unfortunate, but I can still imag-
ine if someone buys that volleyball. . . ". Participants highlighted the
need for disclosure for certain unique cases, for instance [G3-P5]
expressed "Also depends on the context. You can also drop an already
existing article into AI of course and say makes this bigger, make it
a bit more comprehensive or translate from French to Dutch. Do you
necessarily have to add a notification if it’s just translated by AI?",
to this [G3-P4] states "Definitely (needed) with translations.". In the
first session [G1-P4] stressed that "I think the most sensitive really
are those photos. Imagine: They make an article about you, you’re
suddenly famous and then suddenly you’re there in a photo and that’s
not you. That, I think that’s very helpful for the person being written
about that it then says ‘AI’, that everyone knows it’s not real." Regard-
ing textual disclosures, participants were using different terms that
should be used in the disclosure in all the sessions, [G1-P5] stated
"A source reference does seem useful. Normally you have something
like an author, date and place. And then it should say, something like,
‘generated by AI’.", while [G1-P1] suggests "..or in in indeed as we
said, both in the beginning ‘AI-generated’, and also somewhere really
a kind of label." and [G3-P4] mentioned "...Because a lot of times you
don’t look at who wrote it. And so if you do a little caption ‘created
by AI’...". Furthermore, [G2-P2] advocated for different levels of AI
use to be mentioned within the disclosure, "Maybe more options, in
the sense of ‘fully generated’, ‘partially generated’, ‘checked by AI’...".

5 Discussion
To enhance clarity and guide the reader, key design Considerations
(C) are highlighted in bold and explicitly labeled in this section
(e.g., C.1, C.2, C.3) to mark takeaways for easy reference.

5.1 Towards user-centric AI disclosures in
journalistic contexts

This work aimed at understanding Dutch citizens’ information
needs regarding their exposures and interaction with AI-generated
content. We extracted insights that provides nuance to existing
body of research through focus group interviews with a represen-
tative sample of Dutch citizens. In these sessions most participants
shared general concerns that they have concerning AI usage within
journalistic contexts, such as the need for human oversight and re-
views. Furthermore, (C.1) participants collectively agree on the
necessity of AI disclosures in news. Research indicates that AI
acceptance within the media context is driven by the audiences’ per-
ception of the technology and its applications [31]. Therefore, the
audience first needs to be made aware that they are interacting with
AI-generated content in order to then establish a reference point
for its credibility within a domain as sensitive as news. The find-
ings of the focus groups also showed that (C.2) source references
present a crucial method to strengthen the acceptability of

AI-generated content, which is in line with previous work by Ep-
stein et al. [14]. Methods such as ’Origin tracing’ can be leveraged
to detect the core ideas that were used to derive the output of gener-
ative AI systems [29]. (C.3) Some participants also highlighted
the need for independent institutions that need to be setup
for the standardization of disclosure practices. They refer to
(C.4) ‘seal of approval’ that is given to systems or processes
that follow a protocol ensuring reliable outputs. This however
may necessitate measures to encode provenance cryptographically,
for example in images (cf., Coalition for Content Provenance and
Authenticity [7]) or audio (SynthID [11]). Furthermore, we found
that (C.5) most participants had varied preferences regarding
the potential presentation (icons / watermarks) of AI disclo-
sures in news. Nonetheless, (C.6) all participants specified the
need for clear labeling of AI-generated content, signifying the
need for a user-centric approach towards disclosure design. The
key to effective AI disclosures might lie in user-controlled interface
integration, moving from provider-constrained environments to
user controlled designs. (C.7) The disclosures should also be
tuned to topic sensitivity, ensuring users understand both
the presence and absence of AI. However, determining sensitiv-
ity levels in real time can be challenging to implement. This type
of disclosure would need specific technological capabilities such
as: content flagging methods that work even when authors have
not labeled AI content [41], thus circumventing the "implied truth
effect" [14], accessible interface design [25], and overlay functional-
ity such as pop-ups to actively inform users about AI detection. The
strength of this type of approach is the power is placed in the users’
hands to dictate their experience of transparency, while maintain-
ing consistency across different content types. The usability of this
approach however needs evaluation, since it poses potential risk to
UX standardization efforts across the sector.

5.2 Study limitations
This study was conducted only within a Dutch context. While
this provides valuable insights, it is limited to the media sector
in The Netherlands and no comparison was made to other coun-
tries. Additionally participants expressed differing attitudes toward
text and visual modalities, the stimuli created for the study did
not differentiate between these formats. As a result, our findings
do not reflect distinctions between modalities. Future studies us-
ing modality-specific stimuli are necessary to investigate these
participant-reported differences. Furthermore, the context of this
study was limited to the use of AI in journalism. Therefore, the
results cannot be transferred to other uses of AI and related disclo-
sures. Moreover, modern news media include more than just static
text and images; formats such as videos, interactive graphics and au-
dio are also common and can be presented in a variety of ways. Our
study stimuli did not fully represent this diversity, which limits the
generalizability of our findings. Lastly, these needs were identified
using in a focus group setting, and may differ when people interact
with content in situ on their own, posing a risk to its ecological
validity. Additionally, initial questions about concerns regarding AI
in news might have had a negative suggestion bias during the focus
groups. Nevertheless, we believe our findings provide an important
first step towards sense making in the information disclosure space.
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5.3 Future Work
To ensure a future where AI disclosures aremeaningful and effective
within and beyond the media sector, we first need to understand
and unpack the full UX design space of AI system disclosures, across
modalities and domains (cf. [13]). As such, we envision that the
designs themselves should be an outcome of iterative participatory
AI [23, 28, 45] as well co-design sessions with industry stakeholders,
including media organizations, citizens, and policymakers. Further-
more, while our work considered (generative) AI output, disclosures
may extend well beyond static one-shot interactions and towards
dynamic human-AI collaborations where it may not always be clear
what output was produced by humans versus AI (cf., [22]), and how
their respective configurations look like [40]. These are necessary
steps to generating solutions grounded in real world scenarios that
can bridge gaps between the needs of audiences and industry stake-
holders while maintaining core journalistic and democratic values
as generative AI content floods every media channel.

6 Conclusions
We conducted focus group interviews with Dutch citizens (N=21)
to gather in-depth insights into their needs and expectations re-
garding disclosures of AI use for news production and journalism.
This study was set up in the context of the EU AI act’s transparency
requirements of ethical and responsible disclosures of AI use. The
findings of this study are important to highlight discrepancies be-
tween expectations of citizens and what news organizations or
regulatory agencies believe citizens would want. Our findings show
a clear and strong desire of transparency in AI-generated news
content in the form of source references, that can validate the
information. Participants also emphasized the need for industry-
wide standardized disclosure practices which clearly communicate
the use of AI using visual indicators (logos/watermarks). Finally,
our findings highlight the need for interdisciplinary approaches to
align standardization efforts with varying participant preferences
towards information presentation and interaction modalities.
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